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Abstract

Convergence in probability and central limit laws of bipower variation for Gaussian
processes with stationary increments and for integrals with respect to such processes
are derived. The main tools of the proofs are some recent powerful techniques of
Wiener/Ito/Malliavin calculus for establishing limit laws, due to Nualart, Peccati, and
others.
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1. Introduction

The theory of bipower, and more generally multipower, variation has been developed out of
questions raised in mathematical finance; for motivation, some first results, and applications,
see [2], [3], [4], [5], [6], [8], [29], [30], [31], and [32]. It is natural, therefore, that initially
the focus was on Brownian semimartingales, for which a rather complete and comprehensive
theory is now available; cf. [10] (see also [9] and [21]). Extensions of the theory to Lévy
processes and Itd semimartingales have been obtained, particularly by Jacod [18] (cf. also [5]),
and applications to finance of such extensions are discussed in [20] and [28].

A further avenue of generalisation is to stochastic integrals with respect to Gaussian processes
having stationary increments. Starting points in this direction are [7] and [14], which treated
the power variation case, providing, in particular, a feasible central limit theorem for inference
on the integrands in question. (As discussed in [7], an important early forerunner of that paper
is a paper by Guyon and Leon [16], in which quadratic variation limit results for stationary
Gaussian processes were derived.) The techniques used there, as well as in the present paper
which considers the bipower case, come from very powerful recent results developed in the
context of Wiener/Itd/Malliavin calculus, especially by Nualart, Peccati, and coauthors; see
[24], [25], and [26] (cf. also [22]). (In fact, we believe that there are no other tools available
that would allow derivation of the conclusions in the present paper.)
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Bipower variation for Gaussian processes with stationary increments 133

The structure of the paper is as follows. In Section 2 we list a number of background results
needed in Appendix A for the proofs of the main results, which are presented in Sections 3
and 4. In Sections 3 and 4 we discuss limit laws of bipower variation for Gaussian processes
with stationary increments and for integrals with respect to such processes, respectively. In
Section 5 we conclude the paper. The proofs are given in Appendix A.

2. Background

In this section we review the basic concepts of the Wiener chaos expansion. In particular,
we present a multiplication formula (Proposition 1) and a multivariate central limit theorem for
a sequence of random variables which admit a chaos representation (Theorem 1). The latter is
based on the theory for multiple stochastic integrals developed in [17], [24], and [26].

Consider acomplete probability space (€2, ,P) and a Gaussian subspace #; of L>(Q, ¥, P)
whose elements are zero-mean Gaussian random variables. Let H be a separable Hilbert space
with scalar product denoted by (-, -)r and norm || - |g. We will assume that there is an isometry,

W:H— Jfl,
h— W(h),
in the sense that
E[W(h)W (h2)] = (h1, ho)m.

It is easy to see that this map has to be linear.

For any m > 2, we denote by #, the mth Wiener chaos, that is, the closed subspace of
L2(Q, F,P) generated by the random variables H,,(X), where X € #], E[X?] = 1, and H,,
is the mth Hermite polynomial, i.e. Hy(x) = 1 and

" x2\ dm x2
Hm(x)z(—l) eXp ? dx—m(exp —7 .

Suppose that H is infinite-dimensional, and let {e;, i > 1} be an orthonormal basis of H.
Denote by A the set of all sequences a = (a1, a2, ...), a; € N, such that all the terms, except
a finite number of them, vanish. Fora € A, we seta! = ]_[fil a;!and |a| = Z?i] a;. For any
multi-index a € A, we define

1 o0
b, = — H, (W(e;)).
@1] (W (e))

The family of random variables {®,, a € A} is an orthonormal system. In fact,

E[]‘[ Ha,(W(e) [ ] Hb,.(W<el~)>} = Sapa,

i=1 i=1

where §,p, denotes the Kronecker symbol. Moreover, {®, | a € A, |a|] = m} is a complete
orthonormal system in #,,.
Leta € A with |a] = m. The mapping

L,: HO™ — 3¢,,.

o0

_—

Qe = [ | Ha (Wie),

i=1 i=1
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between the symmetric tensor product H®”, equipped with the norm ~/m! | - ||ggen, and the
mth chaos #,, is a linear isometry. Here ‘®’ denotes the symmetrization of the tensor product
‘®’ and [y is the identity in R.
Foranyh=h; ® - - @hyandg =g ® --- ® g € H®", we define the pth contraction
of i and g, denoted by 1 ® , g, as the element of H®2"=P) given by
h®pg= (hi,gm-(hp, gp)uhpt1 @+ @hy @ gpt1 ® -+ ® gm-

This definition can be extended by linearity to any element of H®”. The element & ® , g does
not necessarily belong to H®?"~P) even if h and g belong to H®”. We denote by h® »8 the
symmetrization of & ® , g.

Proposition 1. For any h € H®? and g € H®, we have

PAg
(1, (g) = Y 1! (’r’ ) (‘r’)lp+q_zr(h®rg>. (1)

r=0
Proof. First, note that
Ii(e;) = W(e).

Leta € A witl}\lc(z)([) = p and g = 1. Owing to the linearity of 7, it suffices to consider the case
in which i = @;_,e®“ and g = e;. It holds that

]p(®ei@>ai)]1(ej) = HHa,-(W(ei))W(ej)'
i=l1 i=l1

Assume that j is an index such that a; = 0. Then

pech
®Ra; = L
®ei ®1e; =0
i=1
and

[[HaW(eDW(e)) =141 (® e,?@“’@ej):

i=1 i=

—_

so we have

00 o0 o0
[p<® e?ai)ll(ej) =1y <®€;®ai®6j> + plp_1(® e?ai®1ej>.
i=1 [

i=1 i=1
Now assume that a; # 0. Then we obtain the identity

o0 o0

—_

.~ a; -~ Qal
o= 2 @D
p

i=1 i=1

witha; = a; if i # j anda’; = a; — 1. Furthermore,

[THaWEenWep) = ] Ha(W(e))(Ha;1(W(ej)) + ajHa;—1(We))))
i=1 i=1,i#j

o0 o0
= Ip <® e?ai@’ej) +plp (@ ei®ai®1€j)’
i=1 i=1
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since the Hermite polynomials verify that
Hy41(x) = xHy(x) — nHy—1(x).

Hence, relationship (1) is true for ¢ = 1. The general formula follows by induction through
the lines of the proof of Proposition 1.1.3 of [23].

Remark 1. Note that if we take 7 = e Pand g = e “ then we obtain the well-known identity

pAg
Hy(W(e)Hy(W(ep)) = Y 1! (’r’ ) (’f)Hp+q_2r(W<ei)>.

r=0

Now, let § be the o-field generated by the random variables {W (k) | h € H}. Any square-
integrable random variable F € L?(2, §, P) has a unique chaos decomposition

o
F =" Luhp),
m=0

where h,,, € HO™ (see [23, p. 13] for more details).
Finally, we present a multivariate central limit theorem for sequences of functionals F;, €
L*(Q,4,P).

Theorem 1. Consider a sequence of d-dimensional random vectors F, = (F, 1, S, F,‘f ),
such that F* € L*(Q, §,P) and

o
Y=Y In(hy,,)
m=0

where hﬁm € HO™. Assume that the following conditions hold.
(i) Foranyk =1, ...,d, we have

o0
lim limsup " m!|kf, %o, = 0.

N
T n=oo INFI
(i) Fork,l=1,...,d, we have
m! lim |[hE  |2em = S0,
=00 || m,n”H®m kk

m! Hm (hf, . hh Vgenm =3, k£

n—oo
andz 2 = 3 € Rixd.
(iii) Foranym > 1, k=1,....d,andr =1,...,m —1,
lim I, ®r hy g2y = 0.

Then we have 5
F, —hon — Ng(0,%) asn— oo, 2)

D e
where ‘—’ denotes convergence in distribution, and, for any natural number N and

k=1,...,d,
N
(G- (Em).

m=1
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Proof. Under conditions (ii) and (iii), the weak convergence (2) of the vector

Iy iy, ) Iy (B ), <o g (B )

is shown in [26] (moreover, these authors proved that (2) implies (3)). Under the additional
condition (i), this result can be extended to general multivariate sequences F;, with square-
integrable components (see [7]).

3. Asymptotic theory for bipower variation of Gaussian processes with stationary
increments

We consider a Gaussian process (G;);>0, defined on a filtered complete probability space
(2, F, (F1)1>0, P), with centred and stationary increments. The variance function R of the
increments of G is defined as

R(1) =E[|Gse — GsP’l, 120 “)
In this section we study the asymptotic behaviour of the bipower variation processes

[nt]
D IAIGIPIAY G, pg =0,

i=1

. n _
V(G p,q) = T
where A’G = Gi/n — G(i—1)/x and rnz = R(1/n) = E[|A?G|2], using the multiplication
formula (1) and the central limit theorem discussed in the previous section. For this purpose,
we introduce the representation

xI? =) apmHn(x), 5)
m=0

where the H,, are Hermite polynomials as defined in Section 2.

In order to give a statement about the asymptotic behaviour of the bipower variation process
V(G; p, q)}, we require the following assumptions on the variance function R defined in (4),
which were introduced by Guyon and Leon [16].

(A1) R(t) = tPLy(¢) for some B € (0,2) and some positive slowly varying (at 0) function
Lo, which is continuous on (0, 00).

(A2) R"(r) = tP~2L,(¢) for some slowly varying function L;, which is continuous on (0, 00).
(A3) There exists a b € (0, 1) with

La(y)

K =limsup sup
Lo(x)

x—=0  ye[x,x?]

Recall that a function L : (0, oo) — R is called slowly varying at O when the identity
L(tx)
im =1
N0 L(x)

holds for any fixed ¢ > 0. Provided that L is continuous on (0, 0o0), we have
IL(x0)| < Cx™*, x€(0,T],

for any o > 0 and any T > O (where the constant C > 0 depends on « and T').
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Finally, we introduce the correlation function of the increments of G, i.e.

AG AYL;G
r,,(j):cov(— L) j=0.
n Tn
By the polarization identity, and due to the stationarity of the increments of G, we know that
rp,(0) =1 and
. R+ 1D/n)+ R —1D/n) —2R(j/n) .
(i) = S 2D/ 1= Mmoo (6)

2R(1/n)

We start with the weak law of large numbers for the sequence V(G; p,q)}. Throughout this
paper, we write Y % ¥ when sup;co.y Y7 — il 50 for any T > 0, where 5> denotes
convergence in probability.

Theorem 2. Assume that conditions (Al)—(A3) are satisfied. Then we have

V(G; p,q)i ucp

—
(n) ’
Pp.q
where the quantity p(l) is given by
Pl = Z ap magmm!r(1). (7)
m=0

Proof. See Appendix A.

Remark 2. Note that, by the orthogonality of Hermite polynomials and (5), the identity

o™ —E AIG|P| AL G
P T T

holds. Moreover, since the function L is slowly varying at 0, assumption (A1), (6), and (7)
(and the dominated convergence theorem) imply that

-1 B/2 B/2 /3/2 B/2
ppq = lim pl} = X;Ja,,,maq,mmwzﬂ — )" =E[B"" - B/IP|BE[} — BI7191, (8)
m=!

where BP/? is the fractional Brownian motion with Hurst parameter /2. Consequently,
Theorem 2 yields the uniform convergence
V(G; p, Q);l g Pp.gt-

Next, we present the weak limit of the properly normalized sequence V(G; p, g)f. Note
that the central limit theorem for bipower variation is valid under the same assumptions that
are required to show the corresponding result for the power variation case (see [7D).

Theorem 3. Assume that conditions (Al)—(A3) hold and that 0 < B8 < 5. Then we obtain the
weak convergence (in the space D ([0, T1)* equipped with the local umform topology)

V(G: p, q)! op,
(c&ﬁ(# —r)) Lt (G,, ”Wt>, ©)
Pp.q Pp.q

where W is a Brownian motion that is defined on an extension of the filtered probability space
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(2, F, (F)r>0, P) and is independent of ¥, and Uﬁ‘q is given by

oy, = lim nvar(V(B*?: p. q)}), (10)
’ n—00
where BP/? is the fractional Brownian motion with Hurst parameter /2.

Proof. See Appendix A.

Remark 3. In Theorem 3 the constant ,0 Cannot be replaced by its limit p, , defined
in (8). This is due to the fact that the bias, f (pp q — Pp.q), can, in general, converge to 0o.

Remark 4. The finiteness of O'p (for 0 < B < 2) is shown in (19) in Appendix A. Note
that, owing to assumption (A1), the behaviour of the function R near 0 is similar to that of the
fractional Brownian motion with Hurst parameter /2. This is reflected in (10).

Remark 5. As for the power variation case (see [7]), we expect the (pointwise) limit of
J/n(V(G; p, q)”/p(") — 1) to be an element of the second Wiener chaos if 3 < B <2 (in
particular, it is not normal). When g = 3, both types of limits may appear. See [16] for a
detailed discussion of different cases.

_2,

The proof of Theorem 3 relies on the methods developed in the previous section. In the first
step we apply the multlphcatlon formula (1) to obtain the chaos decomposition of the sequence
Vn(V(G; p, @)}/ pp. 2] — t). Then we show the convergence of finite-dimensional distributions
of the sequence given in (9). Finally, we prove the tightness condition.

Note that the weak convergence in (9) is equivalent to the stable convergence (in D ([0, T']))

V(G; p,g)? FG_g O
ﬁ( (G p.q) —t> —— Py,
Pp.q

Pp.q

where F ¢ denotes the o-algebra generated by process G (see [1], [19, p. 512], or [27] for more
G_

details on stable convergence) and Y" Fros, Y (Y" and Y are stochastic processes) means

that Y" converges ¥ C-stably in law to Y. The latter result is crucial for proving a functional

central limit theorem for the bipower variation of integral processes, which is presented below.

4. Extensions to integral processes

In this section we extend the limit theorems of the previous section to integral processes

t
Z =/ uy dGy (11)
0

defined on the same probability space as G, where the stochastic integral is the pathwise
Riemann-Stieltjes integral. Assumption (A1) implies that G has finite r-variation for any
r > 2/B and, hence, by [34], the integral in (11) is well defined for any stochastic process u of
finite g-variation with g < 1/(1 — 8/2).

Example 1. Let us present some concrete examples of the process defined in (11).

(i) Consider two Hurst parameters H, H* € (0, 1) with H + H* > 1. If uy, = f(BsH*) for
some locally Lipschitz function f then the integral

t
Z =/ usdBH
0

is well defined in the pathwise Riemann—Stieltjes sense (note that § = 2H).
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(i1) In [13] the authors used a process of the form
wH* 3 t (t — S)H*—I/Z

d o T(H*+1/2)

where W is a Brownian motion, to model the log-volatility of asset prices. This process

is a truncated version of the fractional Brownian motion B¥". In fact, they considered
the log-volatility, x, as the solution of the stochastic differential equation

dws, % < H* <1,

dx, = —kx; dt + o dw",  1>0,

with x(0) = 0 and k > 0. Then the asset price, Z, can be written as

t
Z; = / exp(xs) dWS, t>0,
0

where W* is another Brownian motion, possibly correlated with W. In this example,
B = 1 and the process u; = exp(x;) is (H* — ¢)-Holder continuous forany 0 < ¢ < H*.
So the process Z can be defined as a pathwise integral. These models try to capture the
long-memory effect observed in real data on volatility.

In this example we can also replace W* by a fractional Brownian motion B! as long as
H + H* > 1. These kinds of processes appear when asset prices, not only the volatility,
are modelled by diffusions driven by a fractional Brownian motion. See [15] for an
alternative model, using a fractional Brownian motion, to the well-known Black—Scholes
model. However, the use of the fractional Brownian motion for modelling prices in
finance is controversial, because these processes are not semimartingales. Then, without
any additional assumption on the trading operations, these models imply the possibility
of arbitrage. An interesting discussion on this point can be found in [11].

Now we state the law of large numbers for the integral process which is valid under the same
assumptions as in the power variation case.

Theorem 4. Assume that conditions (Al1)—(A3) hold. Suppose that u = {u;, t € [0, T]} is a
stochastic process with finite r-variation, wherer < 1/(1 — $/2). Set

t
Zt = / Ug dGY
0

t
V(Zp. @)} — p[,,q/ lus|Ptds asn — oo.
0

Then, for p, q > 0, we obtain

Proof. See Appendix A.
Next we provide the weak limit theorem of the properly normalized bipower variation.

Theorem 5. Assume that conditions (Al)—(A3) hold. Suppose that u = {u;, t € [0, T]} is
an F ©-measurable stochastic process with finite r-variation, where r < 1/(1 — B/2), and is
Holder continuous of the order a with a > max(1/(2(p A 1)), 1/(2(g A 1))). Then we obtain,
for Z, = fot ugdGy and p, q > 0,

V(Zip.q)"
(61 v ~ept 2 [ aas)) (6, 221
Pp.q

t
/|us|p+qu5> asn — 0o,
0
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where the convergence is in D([0, T1)? equipped with the local uniform topology, and W is a
Brownian motion defined on an extension of the filtered probability space (2, ¥, (¥1):>0, P)
and is independent of ¥ .

Proof. See Appendix A.

Remark 6. Theorem 3 holds for the processes introduced in Example 1 if the measurability
condition is satisfied, i.e. H + H* > 1 and H* > max(1/2(p A 1)), 1/(2(g A 1))).

Combining Theorems 4 and 5 we can derive a standard central limit theorem for the bipower
variation.

Corollary 1. Under the assumption of Theorem 5, it holds that

VAWV (Z; p, @)ooy — [ lug| P ds) o

N(O, 1).
JV(Z:2p.20)1 /02920003 193 )

Remark 7. Finally, we demonstrate some applications of the limiting results presented in
Theorems 4 and 5.

(1) In practice, the realised ratio statistic defined as

uiv(z; 1, e
V(Z;2,0)"

Rl = ,
where u1 = E|U|, U ~ N(O, 1), turns out to be very informative about the properties
of the (unobserved) path of the process Z. When Z is an It6 semimartingale it is well
known (see, e.g. [6]) that R} converges in probability and p — lim, . R}! < 1. Hence,
the statistic R} can be used to test whether the underlying process Z is a semimartingale
or not (we refer the reader to [33], where a similar type of statistic is used to solve the
same test problem).

When G = BH, H ¢ (0, 1), R} can be used to estimate the Hurst parameter H. By
Theorem 4 we have

-2 n
mV(Z LD uep Hy pH H . / 2
R = V(Z—z())? —> w “E[B{"||By) — B{'|l = cy arcsin(cy) +4/1 — ¢y

with ¢y = 22#=1 — 1. The right-hand side is bijective as a function in H € (0, 1).
Consequently, a consistent estimator H of the Hurst parameter H can be constructed by
using the above convergence.

(i1) Another useful property of the bipower variation is its robustness to certain jump pro-
cesses. Consider a pure-jump semimartingale Y of the form

Yy =Yo+ B(h): +hx (uy —v) + (x — h(x)) * s, 1 =0,

where B(h) is a predictable process of bounded variation, 4 is a truncation function that
behaves like x at the origin, u is a jump measure, and v is its predictable compensator.
Let y be the Blumenthal-Getoor index of Y. When y < 1, we additionally assume that
B(h) + (x — h(x)) * v = 0. Then Theorem 4 is robust to Y if

2
— >y and E > max(p, q),

B
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i.e. the statistics V(Z; p, q)} and V(Z + Y; p, q)} have the same limit in probability.
This property can be deduced by the same methods as presented in [14]. Under the
stronger conditions

1 d 2 n y
—>y and —>p+gq> ,
B p 2—-yB

Theorem 5 is also robust to the presence of the process Y (see again [14] for more details).

5. Conclusion

In this paper we derived convergence in probability and stable central limit theorems for
bipower variation of Gaussian processes with stationary increments and for associated integral
processes. The corresponding asymptotic theory for multipower variation can be obtained
similarly in a straightforward manner. Extensions of the results presented here to spatial and
tempo-spatial settings would be of interest, as would simulation and empirical studies of how
well the limit laws work in applications.

Appendix A

In the following we denote all constants which do not depend on # by C.
Let #¢; be the first Wiener chaos associated with the triangular array (A" G/Tn=1,1<j<[nt)»
i.e. the closed subspace of L2($2, #, P) generated by the random varlables

(ATG/t)n=1, 1<) <[nn)-

Note that #f; can be seen as a separable Hilbert space with a scalar product induced by the
covariance function of the process (A’}G/ Tu)n>1,1<j<[nt]- This means that we can apply
the theory of Section 2 to the canonical Hilbert space H = #;. Denote by #,, the mth
Wiener chaos associated with the triangular array (A" G/thw)n>1,1<j<[nt]> and denote by I, the
corresponding linear isometry between the symmetrlc tensor product Jfom (equipped with the
norm +/m! || - || @) and the mth Wiener chaos.

First, we present the chaos decomposition for the sequence V (G; p, q)} — p;,";t

Lemma 1. For anyt > 0, we obtain the decomposition

o0 I‘ll
V(G p. @)} — oyt = D 1 ( Zf >+0(n—1>, (12)
m=2

where the kernels f!" € J€1®m are given by

AnG ®h~ A" G Qm—h
r=nin () 8(72)
n

(for simplicity we suppress the dependency of f" on n) with
plicity pp 14 y i

o0
I4+h\(l4+m—h
S}(ln}:’l Za[?,l+]1aq,l+m—hl! < I > < / >”,11(1)

=0
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Moreover, it holds that

L+h\(l+m—nh
|s<”)|<Z|apl+h||aqz+m hu'( l )( l )|r,’,(1)|

=0

=<(2) (e m) @
h J X\ ra(DIA = |ra (D)

where the constant C does not depend on n, m, or h.

Proof. Using the multiplication formula (1) and the linearity of the mapping I,,,, we obtain
the representation

[nt miAmy m my
vt =12 8 aman( X 0 (7)(7)

i=1my,my=0 =0

ATG G\ o™
x Im1+m22l(< )M @ (L) ))
Tn Tn

8 S e (£ ()

i=1 my,my=0

ATGN\®™L AT G Em
(7)o (520) )
T, T,

(1)

Note that ap 2,41 = 0 for allm > 0 and p > 0, because the Hp,;,41 are odd functions. This
implies the identity

0]

[nt]
V(G p, @)} = pyht =) In (— Zf;") +om™h.
m=2

Now, observe the identity
var( ) Zapll'<oo

From this we deduce that af, ; < C/1! (for any fixed p > 0). Recall that |r,(1)| < 1, since ry,
is a correlation function of a process with stationary increments. Consequently, we obtain the

inequality
> IL+h\(l+m—h\ ,
> lap renllag rem—nlit ("~ R GG
=0

S

An

= hl(m —

=) (ra )
T\ )\ (DI = (DD )

which completes the proof.

C o0
< —Wg(w D (4 m)lr (D]
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Next, we present a lemma which has been shown in [7].

Lemma 2. Suppose that conditions (Al)—(A3) hold. Let € > 0 with e < 2 — B. Define the
sequence r(j) by
r()=G =DM =2, (14)

and r(0) = r(1) = 1. Then we obtain the following assertions.

(1) It holds that
n
1 2.
— Zr (j)— 0.
n -
j=1
If, moreover, B +¢€ —2 < —%, it holds that

o0

> () < oo
j=1
(i1) Forany 0 < € < 2 — B from (14), there exists a natural number no(€) such that
lrn (D] < Cr(j), Jj =0,
foralln > no(e).
(iii) Set p(0) = 1 and p(j) = 3((j — P —2j# + (j + ) for j > 1. Then it holds that
rn(j) = p(j) forany j = 0.

Now we introduce two independent variables, X} (1) and X} (2) ~ N(0, 1), that are given

by
A'G A'G A .G
X ===, X'Q) =ay—— +b,—
Tn Tn Tn
with b, = (1 —r2(1))""? and a, = —(1/r2(1) — 1)~!/2. Note that a, and b, converge,

because r, (1) — p(1) (see Lemma 2(iii)), and, consequently, they are bounded. It is clear that
f{" can be represented as

=0 o, XD ® -+ ® X7 (ki)

,,,,,

for some constants CZ. ...k, Note that all summands are orthogonal. We obtain

2 2 __.
L Wpem = DAk =

kie{l,2}

Letcy, ck,....k,» and f " be analogues of c};, k ko and f", respectively, which correspond
to G = BP/2, where B/3 /2 denotes a fract10nal Brev{/nlan motion with Hurst parameter §/2 (note
that ¢, cxg,..., , and ( , f] ) HE do not depend on 7, because BP/2 s self- similar). Owing
to (13) and the convergence rn( ]) — p(j), we deduce that

,,,,,

Chyyrkim 7 Chtsekins C:ln — Cm, and (flmv flrik);(f?'" g <f1m’ fﬁk)}@m,
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for all m and k. Furthermore, we obtain (since r, (1) — p(1))

AIG|P| A

z+l | 00, 15
Var< - ) E chm! < (15)
AIG|P| AL G 8120 nBl2  mBl2ay _ N
var( |——| |———| | = var(|B}""|?|By"" — B{""|1) = E cmm!. (16)
T 7

Proof of Theorem 2. We first show the pointwise convergence V(G; p, )} — pg’;t — 0.

Using expansion (12) and the stationarity of the increments of G, we obtain the identity

00 [nt
var(V(G: p, ) — pn) = > m <[” w2 pom + = Z ([nt] = k)(A, fin ) J{)
m=2

On the other hand, we have (since a, and b, are bounded, |r,(j)| < Cr(j) by Lemma 2(ii)
and r(j) is decreasing)

m
[ fdwenl = D G H (X2 (h), X? i (8D) 36
hie{l1,2},g€{1,2} =1
< cZ(Cr(k —1))™. (17

Since E[|X” (1)|*] = E[|X?(2)|*] = 1, we also have
|(f1m» fln_l’_k>]€;®m| < C:’Z.

Now, there exists a Q with Cr(k — 1) < 1 for all k > Q. It holds that

[ntl1—1

- ; (In] = A Fi) e < Qo+~

[nt]—1

Y (el =R ) geom
k=0

[nt]—1
< c:’,,(Q + > (Crik— 1))2>
k=0

[ntl—1

<Ccp Y rk). (18)

k=1

Consequently, we deduce that

c& [nr]—1
var(V(G; p )} = iyt = — 3 cpmt Y 2 (k).
= k=1
By (15), (16), and Lemma 2(i), we obtain the pointwise convergence
VGip @i v
(n)
Pp.q

The ucp convergence follows immediately, because V (G; p, )}/ pl(,'f)q is increasing in ¢ and
the limit process g(#) = ¢t is continuous.
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Proof of Theorem 3. We divide the proof of Theorem 3 into two steps. In the first step we
prove the convergence of the finite-dimensional distribution of the sequence

(Gf(w _,>>,
Pp.q

Then we prove the tightness of this sequence.
Step 1. Define the vector ¥,, = (Ynl, e Y,f)T by

[nbi]
TN o <‘A7_GPM"_pm>)
n r.q )’
VI e\ T tn
where (ag, br], k = 1, ..., d, are disjoint intervals contained in [0, T']. Clearly, it suffices to

prove that

D
(Giy — Gag, Yi)ik=d = (G, = Gy, 0p.g (Wi — W) 1<k<d
where o, 4 is given by (10) (because pl(]”zl — Pp.q» Where pp 4 is given in (8)).
By Lemma 1 we obtain the representation

00 [nby]

vk=3"1 <f > f)+0(n_1/2).

m=2 i=[nay]+1

Since
E[(Gp, — Gg)Y1=0 forany 1 <k,l<d,

it is sufficient to check the following conditions.

(i) Foranym > land k =1, ..., d, the limit

[nby]
lim m! =02
nLHgom H Z f F6Om Gqu(m’ k)
i=[nay] H)
exists, Y o 2op gm, k) = a gk —ax) < 00, and
[nbk]
hm lim sup Z m! =0.
N=00 n—oo m=N+1 \/_ i=[nar]+1 'H?m

(i) Foranym > 1 and k # h,

[nb] [nby]
nlinéo< Z fim’f Z fm>ﬂ =0.

=[nax]+1 i=[nap]+1 1
(iii) Foranym > 1,k=1,...,d,and 1 < p <m — 1, we have
[nby] [nby]
in (G 2 m)er (G 2 )] =0
n—oo \/_ i [nak 11 e%,?2()71—,17)
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Under conditions (i)—(iii), we then obtain (by Theorem 1) the central limit theorem
Yy = Ng(0, 02, diag(by —ay. ..., ba — ag)).

where crp ¢ 1s given by (10). Since the increments of the process G are stationary, we will prove
part (i) and (iii) only for k = 1, a; =0, and by = 1.
(i) Recall (18):
| g o

Since ¢}, — ¢, and Zk:l r2(k) < oo (by Lemma 2(ii) with 0 < € < % — B in the definition
of r (see (14))), we deduce by the dominated convergence theorem that

n—1
< Cml!c), Zrz(k).

]{’@’7’ =1

o0
2 rm 2 £ £
o2 m, 1) = m! (nf{"uﬂ?m +2 ) (1 f{ikmfem),
k=1

where the kernels fi’" correspond to the case in which G = B#/2. Clearly,

o
nli)lrolonvar(V(Bﬁﬂ; P = Z ogﬁq(m, D= U,z,q < 00, (19)
m=2
because
o o0 o
D oy, m 1) <CY cum! Y r(k) < oo
m=2 m=2 k=1
owing to Lemma 2(i) and (16). On the other hand, we have
00 1 n 2
m
> mlge i ce > amd> e 20
m=N+1 i=1 1 m=N+1
and

o0 oo
i ol = !
nli)rréo Z cpm! = Z cpm!
m=N+1 m=N+1
for any fixed N by (16) and ¢}, — c¢,,. Since anozz cmm! < 00, we obtain

2
lim lim sup m! Vi =0.
N—> p—soo ;+1 \/_ ; ! %?m
@ii) For any 1 < k, h < d with b; < ap, we have
1 [nbi] [nby] m [nby] [nby]
SIS S oy LD o TN I
i=[nay]+1 =[nay]+1 FHy j=I[narl+1 i=[nap]+1

Assume, without loss of generality, that ay = 0, by = a, = 1, and b, = 2 (the case in which
by < aj, is much easier). By Lemma 2(ii) with 0 < € < % — B in the definition of r (see (14)),

we obtain the approximation (by (17))

[nby] [nby]
K P> v P> f>

[nag]+1 i=[nap]+1

n n—1
1
< Cm(; E Jr" () + E rm(n+j)>
j=1 j=1
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for some constant C,, > 0. It follows that r"*(j) < (j — 1)~ for some § > 0 and all
m, j > 2. Hence, we obtain

[nbi] [nby]
< Z 1 Z 1" > — 0 asn— oo.
i=[nar]+1 \/_ =[nay]+1 ‘”f@m

@iii) Fix 1 < p <m — 1. Now, by Lemma 2(ii) (with 0 < € < % — B in the definition of r)
and (17), we deduce the inequality

|G oo )

sn—’; Do U=l =DrP(h—k = 1)

1=<j.l,h.k=n

A'G\ ®(m—p) ATG\®Mm=P) s ARG ®m—p) ALG\ ®0m—p)
J S 1 h 5 k
® , ® )
T, T T, T, 2=

where ‘~’ denotes the symmetrization and r(—1) := 1. Again applying Lemma 2(ii) and (17),
we see that it suffices to prove that

X

n—? Z rP(j =1 = DrP(Jh — k| = Dr(|j — k| = D)r" P71l — h| = Dr" =P~
1<j,l,h,k<n

x (Ij =kl =Dr*(l =kl = 1)

— 0,

where 0 < o < m — p. The latter term is smaller than
-1 Dol P o, m—p—a m—p—o | : o
n Yo P =P Gor (r (1j = kDre (L — k).
—1<j,l,k<n—2

Without any loss of generality, we can assume that p =m — p = lando =0 or @ = 1. For
o =0and any 0 < ¢ < 1, we obtain

2
oy ( > r(|j—l|)r(1)>

—1<j<n-2 *—1<I<n-2

2
<n' > ( > r(|j—l|)r(l)>

—1<j<[ne] M—1<i<n—2

2
+on”t Y ( > r(|j—l|)r(l>)

[nel<j<n—2 “—1<i<[ne/2]

2
ot Y ( > r(|j—l|)r<l>)

[nel<j<n—2 ‘ne/2]<l<n—1

2
525( > r2(1)> +6 Y. A0 Y O,

—1<l<n-2 —1<l<n-2 [ne/2]<l<o0
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which convergesto2e(3__ <l<co r2())*asn — oo by Lemma 2(i). The desired result follows
by letting ¢ tend to O.

Step 2. Clearly, it suffices to show the tightness of the sequence \/n(V(G; p, ¢)!' — ,01(,"21 1).
Set

00 [nt]
Vn(V(G; p )} = piyn =Y ( Zf >+ 0™ = 77 + 0(n™'/?)

m=2

(where the approximation holds locally uniformly in #) and

N [nt]
=Y r)
m=2
In step 1 we have proved that conditions (i)—(iii) of Theorem 1 are satisfied. Then, by (3) and

the Cauchy—Schwarz inequality, we obtain the approximation

P(|ZnN—ZnN|>)\ |Z”N—ZnN|>)»)
_EBRuZY - 2V ez - 70N

< 7
op o (nt] = [nt1])([ntr] — [nt])
< 7
(12 —11)?
C P q k4

forany 11 <t < fp and A > 0 (and the constant C does not depend on 7). On the other hand,
(15) and (20) imply that
lim E[|Z! — Z"VP1=0
N—o0

for any n and any ¢. Using this, we conclude that

4 2
, (n—1)
P(Z} = Z} = 12 = 20 = W) < CMT

forany t{ <t < t, and A > 0, from which we deduce the tightness of the sequence Z}' by
Theorem 15.6 of [12]. This completes the proof of Theorem 3.

Proof of Theorem 4. The assertion of Theorem 4 follows from Theorem 2 by similar methods
as presented in [7] (see the proof of Theorem 2 therein).

Proof of Theorem 5. The assertion of Theorem 5 follows from Theorem 3 by similar methods
as presented in [7] (see the proof of Theorem 6 therein).
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